Initial Analyses: Bivariate Correlations

Before doing any reportable analyses ,
you’ll want to explore your data, appraising what’s in it and i1dentifying any relationships
it might be hiding

. Uncovering these relationships will help provide creativity in devising research
questions and guide the creation of final statistical models.




Look at the bottom: Dataview |JVariableiViewy

(2 Firefighters.sav [DataSet1] - IBM SPSS Statistics Data Editor

When you open a database, (SR M e Bl H BE B 00 %

: (19
there are tWO Vlews: Data Name Type Width  Decimals Label Values Missing Columns Align Measure Role
. °9 3 . . °9 i ‘ ID Numeric 2 0 None None 8 = Right & Scale \ Input
VleW and Varlable Vlew o 2 Year_of_Birth | Numeric 4 0 None None 14 = f Scale N Input
3 Age Numeric 2 0 None None 8 = f Scale \ Input
The latter iS pictured here. 4 ‘Height,inch.“ Numeric 4 1 None None 17 = f Scale \ Input
) ‘Weight_Lbs Numeric 5 1 None None 14 f Scale \ Input
b 1. f : bl : 6 BMI Numeric 4 1 None None 11 f Scale \ Input
It S a' ISt O eVery Varla’ e ln 7 SBP Numeric 3 0 None None 8 f Scale N Input
*, 8 ‘DBP Numeric 2 0 None None 8 f Scale \ Input
the datab ase’ and the qualltles 9 Blood_Gluc... |Numeric 3 0 None None 15 & Scale \ Input
. 10 Total_Chole...| Numeric 3 0 None None 18 f Scale ~ Input
Of those Varlables (e . g, . Scale 11 HDL Numeric 2 0 None None 8 f Scale \ Input
. R 12 LDL Numeric 3 0 None None 8 f Scale \ Input
Or C ategorlcal hOW C ategorlcal 13 Triglyceride... Numeric 3 0 None None 31 é’ Scale \ Input
2 14 Triglyceride... || Numeric 3 0 None None 20 f Scale ~ Input
. bl d d h 15 Triglyceride... | Numeric 1 0 {0, Under 5... 'None 27 a) Nominal \l Input
Varla es are CO e 9 Ow many 16 ‘TC_HDL_Ratio Numeric 3 1 None None 16 & Scale \ Input
b f h d © 1 © 17 BF_percent_...| Numeric 4 1 None None 18 f Scale i Input
num ers a ter t e eCIma 1n a 18 Total_Body._... Numeric 4 1 None None 20 f Scale \ Input
. 19 ‘Phase,Angl... Numeric 3 1 None None 17 f Scale \ Input
Scale Varl able ’ etC . ) . 20 ‘BCM_BIAS Numeric 4 1 None None 12 f Scale \ Input
21 Skinfold_Ch...| Numeric 2 0 None None 16 f Scale i Input
22 ‘Skinfold thi...|Numeric 2 0 None None 16 & scale N Inout
Data View _
\ \IBM SPSS Statistics Processor is ready \ \ \Unicode:ON \ \

U




The types of data in SPSS are
nominal, ordinal, and “scale”

# Firefighters.sav [DataSet1] - IBM SMgS Statistics Data Editor

You have to assign all of these EHA M e~ Bl i BE B LR

. o, . .
ldentltles yourselfc If a Varlable Name Type Width Decimals Label Values Missing Columns i Measure Role
. il ID Numeric 2 0 None None 8 = Right & Scale \ Input
has Contlnuous Values 2 Year_of_Birth | Numeric 4 0 None None 14 = Right f Scale N Input
3 Age Numeric 2 0 None None 8 = Right f Scale N Input

.
Select ‘cscale,’ ln the 4 Height_inch... | Numeric 4 1 None None 17 = Right 4& Scale N Input
5 ) Weight_Lbs | Numeric 5 1 None None 14 = Right f Scale N Input
“M 2 1 If .t, 6 BMI Numeric 4 1 None None 11 = Right f Scale N\ Input
easure CO umn' 1 S 7 SBP Numeric 3 0 None None 8 = Right & Scale N Input
. 8 DBP Numeric 2 0 None None 8 = Right 4& Scale \ Input
Categorlcal ) Select 9 Blood_Gluc... |Numeric 3 0 None None 15 = Right & Scale N Input
cc . ’9 10 Total_Chole...| Numeric 3 0 None None 18 = Right & Scale N Input
NOI I Ilnal R If men are Coded L HDL Numeric 2 0 None None 8 = Right & Scale N Input
12 LDL Numeric 3 0 None None 8 = Right & Scale \ Input
as O and Women are Coded as 13 Triglyceride... Numeric 3 0 None None 31 = Right & Scale N Input
14 Triglyceride... || Numeric 3 0 None None 20 = Right & Scale \ Input
. o e .
1 t th d t t th 15 Triglyceride... Numeric 1 0 {0, Under 5... | None 27 = Right &) Nominal N\ Input
9 en er Ose 1 en 1 les ln e 16 TC_HDL_Ratio Numeric 3 1 None None 16 = Right &Scale N Input
(44 29 17 BF_percent_...| Numeric 4 1 None None 18 = Right f Scale i Input
Values COlumns . 18 Total_Body._... Numeric 4 1 None None 20 = Right f Scale N Input
19 Phase_Angl... | Numeric 3 1 None None 17 = Right & Scale N Input
20 BCM_BIAS Numeric 4 1 None None 12 = Right f Scale N Input
21 Skinfold_Ch... Numeric 2 0 None None 16 = Right f Scale ~ Input
22 Skinfold thi...| Numeric 2 0 None None 16 = Riaht & scale N Inout
Data View | MariableViewy
\ [IBM SPSS Statistics Processor is ready |Unicode:ON |




This 1s the Data View:

[ JOX ) () Firefighters.sav [DataSet1] - IBM SPSS Statistics Data Editor
SHE WM -~ B H B 1100
‘4 : Triglycerides_exact ‘107 ‘Visible: 82 of 82 Variables
| &0 | & vearof Bith | & Age & Height_inches & Weight_Lbs & M & s8p | P | ¢ Blood Glucose | ¢ Total_Cholesterol | & HDL
. 1 | 1 1986 21 70.0 176.0 255 118 78 97 156 22
The Data Vlew ShOWS S 2 1970 36 77.0 214.0 2522 120 90 72 150 60
3 3 1984 22 71.0 144.0 20.1 118 96 92 99 22
th t 1 1 f 4 | 4 1972 35 705 173.0 221 120 77 94 235 28
e ac ua Va ues O 5 5 1971 35 710 213.0 206 119 76 97 99 16
. . 6 6 1981 26 70.0 196.0 28.1 118 88 117 141 22
eaCh Varlable ln the 7 7 1971 36 71.0 171.0 24.1 118 82 102 123 30
8 8 1964 43 70.0 169.0 34.0 122 88 113 239 26
d at ab as e 9 9 1981 26 70.0 186.0 26.5 132 86 117 170 18
* 10 10 1978 28 69.5 172.5 252 136 90 95 131 24
11 11 1980 26 72.0 162.0 21.9 120 55 78 110 26
12 12 1983 24 72.0 190.0 257 122 80 95 106 27
13 13 1968 38 74.0 235.0 303 122 80 20 17 30
14 14 1981 25 72.0 189.0 25.7 126 78 % 183 23
15 15 1962 45 69.0 183.0 27.1 117 70 81 215 43
16 | 16 1954 53 68.0 2280 35.0 132 82 120 218 43
17 17 1987 20 73.0 178.0 237 120 76 93 142 35
18 18 1950 69 57.0 178.0 25.0 118 74 101 138 17
19 | 19 1972 34 69.5 164.0 23.9 118 80 91 217 40
n I 20 1987 20 72.0 191.0 263 118 78 89 17 14
_ Variable View
\ \IBM SPSS Statistics Processor is ready \ \ \Unicode:ON \ \ l
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Every database will need a /ot of tidying before you can
run your first analysis. Here’s a second database:

1. Student_Information_at_Pacific.sav [DataSet1] - IBM SPSS Statistics Data Editor

— — ] -~ g
| FHE @ = 21 QW b
Name Type Width Decimals Label Values Missing Columns Measure Role
o o i Subject_number Numeric 8 0 Subject number None None 15 d Ordinal N Input
¢ ‘Varl able Vlew’ ? . 2 Year_of_survey_completion Numeric 8 0 Calendar year the survey ... {1, 2015}... None 23 d:l Ordinal ~ Input
3 Age Numeric 8 0 Years of age None None 8 f Scale N Input
4 Gender Numeric 6 0 Gender {0, Male}... None 11 % Nominal N Input
5 Race Numeric 40 0 Which of the following bes...|{0, Caucasian}... None 9 &) Nominal \ Input
All M d °e° * h 6 Relationshipstatus Numeric 17 0 Relationship status: Single... {0, Single}... None 17 &) Nominal ™ Input
1 entltles 1n t e 7 Marital_Status Numeric 8 0 Marital status: Y/N {0, Not married}... None 15 &) Nominal A" Input
44 29 8 On_campus Numeric 3 0 Do you live on campus? Y/N {0, No}... None 12 &) Nominal \ Input
Value S Column must 9 Apartments Numeric 3 0 Do you live in apartments ... |{0, No}... None 12 &, Nominal ~ Input
. 10 Commute Numeric 3 0 Do you commute? Y/N {0, No}... None 12 % Nominal \ Input
be Cre ated ° all 1abels ln 11 Miles_of_commute Numeric 8 1 Exact milage of commute ... | None None 19 Unknown N Input
, 12 Distance_of_commute_categorical |Numeric 16 0 If yes to commuting, how f...| {0, Don't commute}... None 29 d:’l Ordinal \ Input
the ¢ ‘Measure’ 2 Column 13 Have_a_parking_pass Numeric 8 0 Do you have a parking pas... {0, No Parking Pass}... None 19 &) Nominal N Input
14 Live_with_parents Numeric 3 0 Do you live with your pare... {0, No}... None 18 &) Nominal N Input
b * d 15 Type_of_transportation Numeric 40 0 What kind of transportatio... {0, Car}... None 21 &) Nominal N Input
must e as Slgne ) 16 Year_school Numeric 9 0 What year in school are you?|{0, Freshman}... None 14 il Ordinal N Input
17 Declare_major Numeric 3 0 Have you declared a major... {0, No}... None 17 &, Nominal \ Input
18 Major Numeric 17 0 What is your major? {1, Biology}... None 7 % Nominal N Input
19 GPA Numeric 12 2 What is your cumulative G... None None 12 f Scale N Input
20 GPA_Binary_3point0 Numeric 8 0 Is your GPA above or belo... {0, Below 3.0}... None 20 % Nominal \ Input
21 Common_grade Numeric 2 0 What grades do you mostl... |{0, F}... None 16 il Ordinal \ Input
22 Units Numeric 11 0 How many units are you ta...| None None 11 & Scale N Input
23 Courseload Numeric 15 0 This course load is normal? |{0, Less than usual}... None 15 il Ordinal A" Input

Data view |[NafiableNiew

\ [IBM SPSS Statistics Processor is ready [ Unicode:ON |




Every database will need a /ot of tidying before you can
run your first analysis. Here’s a second database:

1 Student_Information_at_Pacific.sav [DataSet1] - IBM SPSS Statistics Data Editor

H%-w e~ Bhdl i BE B0 100 %
‘ ‘Visible: 52 of 52 Variables
“Data View”. 1 “ ilS ubject_number 1‘ iIY of_survey_completio . f Age19 %G nder . &) Race - &) Relationshipstatu: - &) Marital_Statu: 0‘ &) On_ca\mpus1 %Apalrtments0 &) Commute .
2 ‘ 2 1 20 1 3 1 0 1 0 0
3 ‘ 3 1 1 3 0 0 0 0 0
. . 4 ‘ 4 1 20 1 3 1 0 1 0 0
This is the meat of your : s i w (I : : : : o
6 6 1 19 0 3 1 0 1 0 0
7 1 19 1 3 0 0 1 0 0
database (the actual i ’ T T : ; ; : :
9 1 19 0 3 0 0 1 0 0
data), but you can’t do — . 1 — : : 1 0 :
. . . o 11 ‘ 11 1 25 1 3 0 0 0 0 1
anything with it until r— : Cm C : : : : :
« . . 5y - 13 13 1 19 1 2 1 0 0 0 1
the “Variable View” 1s — : e I : : : ; 1
15
16 1 19 1 [ 0 0 1 [ 0
Complete’ 1: } 17 1 19 1 3 1 0 1 0 0
18 ‘ 18 1 24 0 0 0 0 0 1 1
19 ‘ 19 1 1 3 0 0 0 0 1
20 ‘ 20 1 21 0 3 0 0 0 0 1
21 ‘ 21 1 18 0 3 0 0 0 0 1
S oMo . _ Variable View
?@UJ@A@/P&?@VMOC@% \ [IBM SPSS Statistics Processor is ready | | 'Unicode:ON | | \




SPSS Statistics File Edit View Data Transform Analyze Graphs Utilities Extensions Window Help

Run your analyses using this menu bar




SPSS Statistics File Edit View Data Transform Graphs Utilities Extensions Window Help

Reports

Descriptive Statistics
Compare Means

General Linear Model
Generalized Linear Models
Mixed Models

"2 Bivariate...

Partial...

L3 Distances...
Canonical Correlation

Correlate

Regression

Loglinear

Classify

Dimension Reduction

) Scale
A good first analysis to run (to Nonparametric Tests

. . . . . Forecasting
1dentify possible relationships Survival

between your variables) i1s a Multiple Response

. ° Simulation...
simple correlation table. Ealgucaoz:m

ROC Curve...
Spatial and Temporal Modeling... >
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Bivariate Correlations
Variables:

& ID
& Year_of_Birth Style...
f Age
f Height_inches
& Weight_Lbs
& BMI
& sBp
& DBP

* b f Blood_Glucose
Every variable in the

f Total_Cholesterol

. . & HDL
entire database will # 1o

f Triglycerides_with_estimated_MinMax

o f Triglycerides_exact

app ear 1n the left & Triglycerides_Ounder50_lover50
 Correlation Coefficients

column. .

Pearson Kendall's tau-b | Spearman

Options...

 Test of Significance
© Two-tailed One-tailed

Flag significant correlations

? Reset Paste

Cancel OK

Poctfic Prpert.com




Move every variable of
interest into the right
column. No pointless
data X
just values that matter.
Scale and nominal
both. Every variable
you care about.

Then click OK.

& D

&3 Triglycerides_Ounder50_lover50
& TC_HDL Ratio

f BF_percent_BIAS

ﬁ Total_Body_Water_BIAS
f Phase_Angle_BIAS

& BCM_BIAS

& skinfold_Chest

& Skinfold_thigh

& skinfold_Abd

ﬁ Skinfold_BF_percent
f Circumf_abd

f Circumf_chest

& Circumf_hip

f Hip_to_abdom_ratio

Bivariate Correlations

Variables: .
i : Options...
& Year_of_Birth
# Age Style...

# Height_inches
# Weight_Lbs

SBP
"DBP
<+ # Blood_Glucose

# Total_Cholesterol
# HDL

"LDL

" Triglycerides_with_estimated_MinMax
& Triglycerides_exact

 Correlation Coefficients
Pearson Kendall's tau-b

Test of Significance
© Two-tailed One-tailed

Spearman

Flag significant correlations

? Reset Paste

Concel (O




[ NON ) Output2 [Document2] - IBM SPSS Statistics Viewer

128 I L= 0O F iRz B
H%HE& &) By = S e &= =W
. : ‘ [
SPSS will create a €« += =
v .
. 8 °“‘p:’;g % Correlations
giant output table. " @ Conetaons
+[E] Title [DataSetl] /Users/cjensenl/Desktop/RESEARCH/Databases/_Firefighters/Firefighters.sav
Notes
Active Dataset lati
L& Correlations Correlations
Height_inche Blood_Glucos
Year_of_Birth Age S Weight_Lbs BMI SBP DBP e
Year_of_Birth Pearson Correlation 1 -.073 -.152 -.256 -.126 -.287 -.002 -.043
Sig. (2-tailed) 676 .382 138 471 .094 992 .807
N 35 35 35 35 35 35 35 35
Age Pearson Correlation -.073 1 -.452" 427" 524" -.104 .094 .008
Sig. (2-tailed) 676 .006 011 .001 553 .590 961
. N 35 35 35 35 35 35 35 35
Height_inches Pearson Correlation -.152 -.452" 1 274 -.072 .060 .080 -.205
Sig. (2-tailed) .382 .006 111 .680 732 .646 237
N 35 35 35 35 35 35 35 35
Weight_Lbs Pearson Correlation -.256 427" 274 1 724" 157 137 -.060
Sig. (2-tailed) .138 .011 111 .000 .368 432 734
N 35 35 35 35 35 35 35 35
BMI Pearson Correlation -126  .524" -.072 724" 1 151 178 .180
Sig. (2-tailed) 471 .001 .680 .000 .386 .307 .300
N 35 35 35 35 35 35 35 35
SBP Pearson Correlation -.287 -.104 .060 .157 .151 1 .165 .176
Sig. (2-tailed) .094 .553 732 .368 .386 .343 311
N 35 35 35 35 35 35 35 35
NRP Pearcnn Carrelatinn -0nn?2 naa nRN 17 178 1A% 1 nn
| [IBM SPSS Statistics Processor is ready | | |Unicode:ON |




Correlations

Mean_Arteria

Pulse_Pressu

Age_years Pulse Systolic_BP Diastolic_BP I_BP re Temperature Oximetry Hb p

Age_years Pearson Correlation 1 -.192" 282" -.057" .046" 338" -.1117" -361""  -.309" .09¢

Sig. (2-tailed) .000 .000 .011 .040 .000 .000 .000 .000 .16(

N 2033 2017 1994 1994 2033 2033 1925 1971 1939 214
Pulse Pearson Correlation -.192"7 1 -.005 1707 .050" -.140" 1707 -.014 .044 -.045

Sig. (2-tailed) .000 .808 .000 .024 .000 .000 .537 .056 .51¢C

N 2017 2017 1991 1991 2017 2017 1921 1967 1923 21.
Systolic_BP Pearson Correlation 282" -.005 1 601" .876 " .810"" .007 -.036 063" .00

Sig. (2-tailed) .000 .808 .000 .000 .000 .749 114 .006 .97

N 1994 1991 1994 1994 1994 1994 1907 1949 1900 2
Diastolic_BP Pearson Correlation -.057" 1707 601" 1 912" .018 .006 .092"" 2297

Sig. (2-tailed) .011 .000 .000 .000 423 .793 .000 .000

N 1994 1991 1994 1994 1994 1994 1907 1949 1900
Mean_Arterial_BP Pearson Correlation .046" .050" .876 912" 1 552" .007 .055" 1437

Sig. (2-tailed) .040 .024 .000 .000 .000 .761 .014 .00(

N 2033 2017 1994 1994 2033 2033 1925 1971 1

Pressure Pearson Correlation 3387 -.140"7 .810"" .018 552" 1 .005  -.092"

Sig. (2-tailed) .000 .000 .000 423 .000 .829

N 2033 2017 1994 1994 2033 2033 19

Pearson Correlation -.111" 170" .007 .006 .007

viled) .000 .000 .749 .793
1925 1921 1907

Here’s a closer look at a correlation table



Correlations

Age_years Pulse Systolic_BP Diastolic_BP
Age_years Pearson Correlation 1 -.192" 282" -.057"
Sig. (2-tailed) .000 .000 .011
N 2033 2017 1994 1994
Pulse Pearson Correlation -.192" 1 -.005 .170""
Sig. (2-tailed) .000 .808 .000
N 2017 2017 1991 1991
Systolic_BP Pearson Correlation 282" -.005 1 601"
Sig. (2-tailed) .000 .808 .000
N 1994 1991 1994 1994
Diastolic_BP Pearson Correlation -.057" .170"" 601" 1
Sig. (2-tailed) .011 .000 .000
N 1994 1991 1994 1994
lean_Arterial_BP Pearson Correlation .046" .050" 876 912"
Sig. (2-tailed) .040 .024 .000 .000
N 2033 2017 1994 1994
ssure Pearson Correlation 338" -.140" 810" .018
Sig. (2-tailed) .000 .000 .000 423
N 2033 2017 1994 1994
son Correlation -.111" 170" .007 .006
.749

.000

.000

Age 1s inversely related to pulse
. In other words: as age increases,

pulse decreases. In this sample. The p-value
indicates confidence that this correlation
reflects a relationship in
the larger population. Age is also positively
correlated with systolic blood pressure

. As age increases, so does
systolic pressure. Systolic and diastolic
pressure are also positively correlated

. As one increases, so does
the other... very strongly.



Correlations

Age_years Pulse Systolic_BP Diastolic_BP
Age_years Pearson Correlation 1 -.192" 282" -.057"
Sig. (2-tailed) .000 .000 .011
N 2033 2017 1994 1994
Pulse Pearson Correlation -.192" 1 -.005 .170""
Sig. (2-tailed) .000 .808 .000
N 2017 2017 1991 1991
Systolic_BP Pearson Correlation 282" -.005 1 601"
Sig. (2-tailed) .000 .808 .000
N 1994 1991 1994 1994
Diastolic_BP Pearson Correlation -.057" .170"" 601" 1
Sig. (2-tailed) .011 .000 .000
N 1994 1991 1994 1994
lean_Arterial_BP Pearson Correlation .046" .050" 876 912"
Sig. (2-tailed) .040 .024 .000 .000
N 2033 2017 1994 1994
2 ssure Pearson Correlation 338" -.140" 810" .018
Sig. (2-tailed) .000 .000 .000 423
N 2033 2017 1994 1994
arson Correlation -.1117 170" .007 .006
.000 .749

.000

related to
but not systolic

Pulse 1s significantly
diastolic pressure
pressure

The p-value means, if the null hypothesis is
true

then there is less than a 0.1% chance you
would have observed a correlation with
systolic pressure of r=0.288 or stronger.
And there is an 80.8% chance you would
have observed a correlation with diastolic
pressure of r=-0.005 or something more
extreme than that.



Correlations

Age_years Pulse Systolic_BP Diastolic_BP
Age_years Pearson Correlation 1 -.192" 282" -.057"
Sig. (2-tailed) .000 .000 .011
N 2033 2017 1994 1994
Pulse Pearson Correlation -.192" 1 -.005 .170""
Sig. (2-tailed) .000 .808 .000
N 2017 2017 1991 1991
Systolic_BP Pearson Correlation 282" -.005 1 601"
Sig. (2-tailed) .000 .808 .000
N 1994 1991 1994 1994
Diastolic_BP Pearson Correlation -.057" .170"" 601" 1
Sig. (2-tailed) .011 .000 .000
N 1994 1991 1994 1994
lean_Arterial_BP Pearson Correlation .046" .050" 876 912"
Sig. (2-tailed) .040 .024 .000 .000
N 2033 2017 1994 1994
ssure Pearson Correlation 338" -.140" 810" .018
Sig. (2-tailed) .000 .000 .000 423
N 2033 2017 1994 1994
son Correlation -.111" 170" .007 .006
.000 .749

.000

When continuous variables are correlated
with other continuous variables, the values
provided are called Pearson correlation
coefficients. Here’s a visual representation
of those values:

1 0.8 04 0 -04 -0.8 -1

When continuous variables are correlated
with binary values ,
the values provided are called point-biserial
correlations. The correlation is still listed in
the table as a “Pearson Correlation”, but the
value 1s a point-biserial correlation. When
reporting it, you say 1,;, = 0.xxx instead of
r=0.XXX.



Correlations

Age_years Pulse Systolic_BP Diastolic_BP
Age_years Pearson Correlation 1 -.192" 282" -.057"
Sig. (2-tailed) .000 .000 .011
N 2033 2017 1994 1994
Pulse Pearson Correlation -.192" 1 -.005 .170""
Sig. (2-tailed) .000 .808 .000
N 2017 2017 1991 1991
Systolic_BP Pearson Correlation 282" -.005 1 601"
Sig. (2-tailed) .000 .808 .000
N 1994 1991 1994 1994
Diastolic_BP Pearson Correlation -.057" .170"" 601" 1
Sig. (2-tailed) .011 .000 .000
N 1994 1991 1994 1994
lean_Arterial_BP Pearson Correlation .046" .050" 876 912"
Sig. (2-tailed) .040 .024 .000 .000
N 2033 2017 1994 1994
2 ssure Pearson Correlation 338" -.140" 810" .018
Sig. (2-tailed) .000 .000 .000 423
N 2033 2017 1994 1994
arson Correlation -.1117 170" .007 .006
.000 .749

.000

When examining the association between

two dichotomous variables, the correlation
1s called Phiu.

When examining the association between
two categorical variables that have more than
two categories, Cramer’s V is the appropriate
statistic.

Pearson and point-biserial correlations are
calculated in the bivariate table. Phi and
Cramer’s V are better calculated elsewhere.



Correlations

Age_years Pulse Systolic_BP Diastolic_BP
Age_years Pearson Correlation 1 -.192" 282" -.057"
Sig. (2-tailed) .000 .000 .011
N 2033 2017 1994 1994
Pulse Pearson Correlation -.192" 1 -.005 .170""
Sig. (2-tailed) .000 .808 .000
N 2017 2017 1991 1991
Systolic_BP Pearson Correlation 282" -.005 1 601"
Sig. (2-tailed) .000 .808 .000
N 1994 1991 1994 1994
Diastolic_BP Pearson Correlation -.057" .170"" 601" 1
Sig. (2-tailed) .011 .000 .000
N 1994 1991 1994 1994
lean_Arterial_BP Pearson Correlation .046" .050" 876 912"
Sig. (2-tailed) .040 .024 .000 .000
N 2033 2017 1994 1994
ssure Pearson Correlation 338" -.140" 810" .018
Sig. (2-tailed) .000 .000 .000 423
N 2033 2017 1994 1994
son Correlation -.111" 170" .007 .006
.000 .749

.000

The significant correlations can help guide
creativity, as in: “I wonder why heart rate
has an 1solated relationship with diastolic
pressure?” Ideas like that may merit further
exploration.

Significant correlations are also helpful in
guiding the creation of your final statistical
models. If your research question is “What
predicts systolic blood pressure?”, you would
be wise to control for age, as its relationship
with systolic pressure is significant.



It 1s unlikely that you’ll use simple correlations as final models,
so 1t 1s unlikely that you’ll be reporting these values anywhere.
But evaluating the relevant correlations that exist in your database

provides information
that will enhance the breadth and precision of your analyses.




